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System Seqlength  Max Batch Size
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Table 1: progress

Method ROUGE-L BLUE-4 (pum)
baseline 37.97 31.04

preprocess 42.85 (+4.88) 39.14 (+8.10)
model optimize 47.50 (+4.65) 41.60 (+2.46)
postprocess 48.04 (+0.54) 41.76 (+0.16)

bert yes-or-no 49.84 (+1.80) 45.64 (+3.88)
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Traceback (most recent call last):
File "train_bidaf.py", line 6, in <module>
from model.model import BiDAF
File "/Users/jarvis/Desktop/fastNLP/reproduction/machine_reading_comprehension/model/model.py", line 5, in <module>
from fastNLP.modules.aggregator.attention import BiAttention
File "/Library/Frameworks/Python. framework/Versions/3.7/1ib/python3.7/site-packages/fastNLP/__init__.py", line 61, in <module>
from .core import *
File "/Library/Frameworks/Python. framework/Versions/3.7/1ib/python3.7/site-packages/fastNLP/core/__init__.py", line 18, in <module>
from .callback import Callback, GradientClipCallback, EarlyStopCallback, TensorboardCallback, LRScheduler, ControlC
File "/Library/Frameworks/Python. framework/Versions/3.7/1ib/python3.7/site-packages/fastNLP/core/callback.py", line 77, in <module>
io.model_io import ModelSaver, ModellLoader
/Library/Frameworks/Python. framework/Versions/3.7/1ib/python3.7/site-packages/fastNLP/io/__init_ .py", line 29, in <module>
dataset_loader import DataSetLoader, CSVLoader, JsonLoader, ConllLoader, \
ibrary/Frameworks/Python. framework/Versions/3.7/1ib/python3.7/site-packages/fastNLP/io/dataset_loader.py", line 33, in <module>
from .data_loader.sst import SSTLoader
ModuleNotFoundError: No module named 'fastNLP.io.data_loader'

Figure 11: §5i% 1

Hunk 1: Lines 848-854

get_metric| luate M RIHHOIFMIEIRA BRI freER.""
evaluate_result = {}

if self.no_ans_correct + self.no_ans_wrong + self.has_ans_correct + self.no_ans_wrong <= 0:
if self.no_ans_correct + self.no_ans_wrong + self.has_ans_correct + self.has_ans_wrong <= 0:

return evaluate_result

evaluate_result['EM'] = @

Figure 12: 131F 2
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https://fastnlp.readthedocs.io/zh/latest/index.html
https://github.com/sogou/SMRCToolkit
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